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Why Now: Cloud & GenAI?



Cloud : What it is and its Advantages

Cloud computing is the delivery of computing services
(e.g. servers, storage, databases, software and analytics) 
over the internet (“the cloud”)*
 *source: https://azure.microsoft.com

What it is

Advantages

• Scalability: Allows insurers to expand/reduce resources based on demand

• Cost Efficiency: Pay-as-you model 🡪🡪  Avoids high initial costs for:
         Setting up & maintaining on-prem infrastructures

• Flexibility & Agility: Experiment with new Analytical tools & Tech. 
    Fostering innovation & rapid development

• Disaster recovery & Business Continuity: Insurers can store backup 
copies of their data in multiple geographically diverse locations 



Cloud  : Disad vant age s  and  Cha lle nge s

What it is

Disadvantages

Challenges

• Internet dependency: Need reliable internet connection
   If internet is down No access to data and software
   Downloading is an option but may insure cost. Making copies is not ideal

• Security and privacy vulnerability:
Companies are cautious  Data becomes accessible via the internet
Privacy concern  Data exist with someone else
Security sophistication  Still vulnerable to hacking and malicious attacks
However, “On-Premise” doesn’t mean less risk

• Data volume & complexity: 
Ensure efficient data transfer, storage and accessibility

• Data governance: Data ownership, access control and usage policies to 
prevent data misuse, security breaches and compliance

• Data security: Industry standards and legal requirements during 
   and after migration → maintain data integrity & confidentiality



Artific ial Intelligence  (AI)

Demystifying Generative AI

Generative AI

Foundation Models
(GPT- 4 , BART, MPT- 7B etc .) 

Large Language Models (LLMs)

• Generative AI: Focus on 
generating content 

• Foundation Models: 
Transformers models that are 
pre-train. Cover all 
unstructured data

• LLMs: Models trained using 
billions of parameters but 
focus on text and code as the 
input and output



Encoding

How Do LLMs  Work?
A s im p lifie d  ve rs ion of LLM t ra ining p roc e s s
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Ge ne ra t ive  AI Ap p roac h Cons id e ra t ions

Open Source  vs. Prop rietary

“Op en- sourc e  mod e ls  are  fas te r, more  
c us tomizab le , more  p rivate , and  p ound - for-
p ound  more  c ap ab le .”

Small/ Spec ific  vs. General

“Well d e fined , high- value  workflows  will 
p rimarily b e  ad d ressed  b y sp ec ialized  AI 
sys tems  not  gene ral p urp ose  AI mod e ls .”

- Le ake d  Google  p ap e r- Maithra Raghu (Samaya AI), Mate i Zaharia 
(Datab ric ks), Eric  Sc hmid t  (Sc hmid t  Future s )



Ge ne ra t ive  AI (Ge nAI) Mat urit y

Foundational m odel as 
SaaS with Prom pts

o Ready to be plugged to your applications
o You don’t control data inside the model knowledge base 
o You cannot add your own data 

Retrieval Augmented  
Generation 

(RAG)

o Augment knowledge of a GenAI model with your own data
o You need to find “your best prompt” 
o You can add filters to prompts 

Fine- tune foundational 
m odel on your data

o You can update certain “parts” of the model with a few labels
o Requires computational resources and technical skills 

Fully retrain foundational 
m odels (your own 

“GPT”)

o Owner of your mini GPT style
o Requires a lot of data or labels 
o Requires resources both technical and computational 
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How RAG Re d uc e s  Ha lluc ina t ions?



Privac y

Pay le s s  t o  t ra in and  
use  your own m od e l

Maint a in full p rivac y
of your d a t a

Own your own IP
t o d iffe re nt ia t e

Cos t

Cont rol

Why b uild  your own m od e l?

Ensure  ac c urac y 
and  re liab ilit yQua lit y



We  are  s e e ing 4  Main Ap p lic a t ions
How Insurers are thinking about LLMs

In t e rna l Em p loye e   & a d voc a c y
Providing employees with LLM powered IT service (user manual, FAQs, debug, for tools

 in your actuarial ecosystem)

Re gula t ory c om p lia nc e
Searching for specific regulatory and compliance documents. This is bidirectional,

Where using  Retrieval Augmented Generation   to  p op ulate  Ac tuarial Memos ,

 Quarte rly review of re se rves . 

Ma rke t  in t e llige nc e
Key exec ut ive  summary from c omp lex d oc uments , same  as  ab ove  us ing langchain / 

Vector Database

Anc ie nt  c od e  m igra t ion
Cod e  snip p e t s  (b e s t  p rac t ic e s ) or c omp lex migrat ion from legac y languages  (SQL to Python) or

English to Python (e .g. d o a  c lus te ring analys is  for ICD10  d iagnoses  for group  b ene fit s )



LLM Ass is t ant

• Ac t ua ria l Qs  on:
• Port folio me t ric s  (Durat ion, asse t  yie ld s , sp read s)
• Summarize  re sult s  b y b us ine ss  segment  (RIS, Group  

Bene fit s , Re tail Life ), Prod uc t .
• Uses  c ont e xt  and  us a ge  info to re turn more  accurate  

re sp onse s
• Unity Catalog
• Pop ularity
• Lineage

• LLM- p owe re d  As s is t a nt  integrated  into the  noteb ook, file  
and  SQL ed itors :

• Create  SQL Que rie s
• Fix cod e  is sue s
• Exp lain d ocumentat ion

13



LLMs  Bus ine s s  Use  Case s
Cod e  ge ne ra t ion &
d e ve lop e r p rod uc t ivit y

• Cod e  c omp le t ion, b oile rp late  c od e  
gene rat ion

• Error d e tec t ion and  d eb ugging

• Conve rt  c od e  b e tween languages

• Write  c od e  d oc umentat ion

• Automated  te s t ing

• Natural language  to c od e  gene rat ion

• Virtual c od e  ass is tant  for le arning to 
c od e

Image  Sourc e : Github



LLMs  Bus ine s s  Use  Case s
Conte nt  Cre a t ion

• Te c hnic al writ ing: Doc ume ntat ion, use r manuals , 
s imp lifying c onte nt  e tc .

• Whe re  us ing Re t rie val Augme nted  Ge ne rat ion  
to  p op ulate  Ac tuarial Me mos ,

 Quarte rly re vie w of re se rve s . 

• Summarize  informat ion from the  marke t  (S&P) 
and  b ring it  into s t re ss  te s t ing

• Automat ic ally p op ulate  Mod e l Risk 
Manage me nt  te mp late s



LLM RAG Architecture
Trans form  d oc um e nt s  int o a  Knowle d ge  Engine  for Q&A



BI & Data
Warehousing

Data Engineering Data
St ream ing

Data
Sc ience & ML

One p latform  to sup port m ult ip le  personas
The  Cloud  e nab le s  Ge ne ra t ive  AI 

Cloud Lakehouse
All Raw Data

(Logs , Te xts , Aud io, Vid e o, Image s)

Cloud computing turns the “data volume & complexity” challenge into opportunity

Simplest form of Generative AI (RAG) requires large volume of data (unstructured)
 🡪🡪  10’s of thousands of words

All elements of GenAI require efficient cloud compute and cost-effective storage
 🡪🡪  Content generation, summarization, data enrichment

Your Data must be AI ready & accessible first!



Value
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Low High
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Us e  Case  Se le c t ion Crit e ria

• Prod uc t ion c od e
• Le ga l ad vic e
• Re gula t ion/ c om p lianc e
• Te c hnic a l p ub lishing
• Me m o- writ ing
• Pe rsona liza t ion

• Marke t ing
• Le arning
• Cop ye d it ing
• Cod e  re vie ws
• Id e at ion

Whimsical applications
Creative, subjective 

output

Financial advice
Customer assistanceData accessibility and quality

Ease of implementation/adoption
Reusability to other problems
Expertise of AI org

Lighthouse  
Use  Case

Learning

Tes t ing

Temp lat ing

Pilot ing

Creat ing exc itement

Ed uc at ing emp loyees

Lighthouse Use Case 
Desired Outcomes

• Whim s ic a l 
ap p lic a t ions

• Cre a t ive , sub je c t ive  
out p ut

• Financ ia l ad vic e

• Cus t om e r as s is t anc e



Que s t ions?

Hap p y t o  c onne c t
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